tention and persistence regarding this timeframe remain scarce, especially in the two-year college sector where 4 out of 10 new college students enroll (American Association of Community Colleges, 2015) and where student persistence issues are qualitatively different from the four-year sector (M. W. Webb, 1989) .
Given community colleges' open enrollment policies and their numerous instructional missions (A. M. Cohen & Brawer, 2008) , students enter and re-enter with various and often multiple objectives but not always with clear knowledge of how to clarify and accomplish them. The first few weeks present opportunities and pitfalls as new or re-entering students encounter institutional processes that enhance or detract from students' ability to start right on their path. Scott-Clayton (2011) compared the typical community college intake process to navigating a shapeless river on a dark night where "many students make false starts, take wrong turns, and hit unexpected obstacles" (p. 1). Some of these obstacles have the potential to impact persistence decisions from the outset. Despite Barnett's (2011) observation that we need a greater focus on community college classroom practices related to persistence, it remains true that, at least for the first weeks, an entering community college student's experience is characterized as much by the classroom experience as it is by early procedures and processes such as registration, placement, orientation, financial aid, and particularly academic advising (King, 1993) . Even seemingly less critical intake procedures have been connected to student persistence within the community college literature such as registration timing (Hale & Bray, 2011; Smith, Street, & Olivarez, 2002) and course adding and dropping behaviors (Hagedorn, Maxwell, Cypers, Moon, & Lester, 2007) .
Among early intake activities, the role of academic advising in particular has been connected to student persistence (King, 1993; Young, Backer, & Rogers, 1989) , even as relatively few studies have presented empirical evidence supporting these claims (Bailey & Alfonso, 2005) . What evidence we do have is in fact sparse and largely based on student perceptions of the quality of advising (Elliott & Healy, 2001; Metzner, 1989; Metzner & Bean, 1987) and frequency of advising sessions (Shields, 1994; Swecker, Fifolt, & Searby, 2013) rather than the nature and scope of issues addressed and tasks completed during advising sessions. Furthermore, most studies come from the context of four-year institutions where the overall intake process differs dramatically from the community college sector where students often sign up within weeks or days of the first class sessions sometimes without prior contact with the college. Without a more nuanced understanding of advising and its role during the overall intake process than what the current research affords, community college practitioners are limited in knowing how and when to most effectively deploy scarce advising resources.
Thus, the purpose of this study is to understand how different kinds of advising activities during the first three weeks for community college students who enroll for the first time relate to their intentions to re-enroll.
representatives as a cause for lowering student retention. Habley, Valiga, McClanahan, and Burkum (2010) found that community college institutional survey participants viewed academic advising centers and faculty advising training as two of the practices that most contribute to improving retention.
Research that does empirically test the link between advising and persistence tends to rely on one of three operationalizations: either dichotomous measures of participation, student perceptions of quality, or frequency of advising sessions. For instance, dichotomous coding can be seen in Young and colleagues' study (1989) that found that freshman participants in an early advising program had higher GPAs and lower attrition rates than nonparticipants. Seidman (1991) used a rare random-assignment experiment of the impact of a pre-and post-admissions/counseling process at a community college to find that whereas there was no significant relationship between participation and second semester registration, participants were more likely to register for a third semester. Bahr (2008) used a sophisticated event history analysis of a very large, longitudinal data set to test the controversial hypothesis that advising has a "cooling out" effect of discouraging students to pursue their academic ambitions. He presents compelling evidence that advising in fact is beneficial to students' chance of successful remediation completion and transfer, two outcomes that necessitate persistence. Still, the advising itself is operationalized in the model as having occurred or not during a given term. Bahr encouraged inquiry into the manner and type of advising offered. Metzner and Bean (1987) measured, via Likert-scale survey items, students' perceptions of the degree of advisor concern and the quality of advising. Through a path analytical study of nontraditional student attrition, they found that the quality of academic advising had a significant and direct negative effect on dropout. Later, Metzner (1989) dichotomized the perception of advising quality to determine differential effects of high-quality versus low-quality advising and found that though neither was directly related to dropout, the indirect effects of high quality advising on dropout were significant and negative, as mediated through GPA, satisfaction, utility, and intent to leave the university. Shields (1994) , and more recently Swecker et al. (2013) , found that the frequency of seeing an advisor was the variable among other background characteristics with the largest significant association with enrollment status for nontraditional students (in the former study) and first-generation students (in the latter study). Lastly, in conceptual terms, Braxton, Duster, and Pascarella (1988) used an operationalization unique to the literature. These authors took into account the extent to which students experienced multiple dimensions of advising activities and combined them into a factor score that was found to be positively related to freshman persistence indirectly through academic integration and institutional commitment. In the literature to date on college persistence, the proposed two-dimensional conceptualization of advising along a prescriptive-developmental continuum described above (Alexitch, 2013) has not been operationalized despite its prominence in the advising literature.
Collectively, these studies provide empirical evidence of the commonly accepted role of advising in community college and nontraditional student success. But the operationalization of what constitutes advising in these studies-with the exception perhaps of Braxton et al. (1988) -precludes more nuanced understanding of which forms of advising are associated with persistence and persistence intentions. Given the resources and institutional commitment that community colleges seek to marshal for advising in order to foster higher levels of persistence from the outset, it is imperative to further unpack the nature of advising activities and their relationship to persistence decisions.
Persistence, Goals, and Intent to Persist
Student persistence is notoriously challenging to study, especially in the community college sector, for at least two reasons. First, relatively few data sets provide sufficient information at all on student-level experiences and pathways through community colleges, and secondly, persistence data-like other student success measures in community colleges-mean little without corresponding information about students' goals (Goldrick-Rab, 2010) . Students enter community college with myriad and often overlapping purposes, whether to complete an associate's degree, to transfer, or both, or just as often to take only single courses as needed for transfer credit at another institution where they are contemporaneously enrolled, for personal enrichment, obtaining specific skills, or for the sake of exploring interests and opportunities, among other purposes (Center for Community College Student Engagement [CCCSE], 2004; Clagett, 1989) . Without taking into account student goals, attempts to understand student persistence leads to poor empirical findings for research and practice (Polinsky, 2003) . Abundant research has shown that the influences of student integration and involvement on persistence decisions is mediated by goal and institutional commitments, either because those commitments lead to greater integration or vice-versa, depending on the situation (Pascarella & Terenzini, 2005; Tinto 1975 ). Thus, goals are held to be central to both measuring persistence and understanding factors that may influence it (Goldrick-Rab, 2010; Polinsky, 2003) .
The challenge with using goals as a way to understand student persistence decisions is that few data sources contain reliable information about goals or institutional commitment, limiting empirical evidence of the link. As an alternative, researchers have for decades studied students' intentions to persist, going back to fundamental studies by Spady (1970) , Tinto (1975) , Pascarella and Terenzini (2005) , and others. Bean (1982) provided some of the first evidence that intent to leave is among the best predictors of actual student attrition, and studies over the years have confirmed the finding (Bers & Smith, 1991; Cabrera, Nora, & Castañeda, 1993; Davidson, Beck, & Milligan, 2009; Luke, Redekop, & Burgin, 2015; Voorhees, 1987) . Research in community colleges has shown that academic goals are relatively stable for most students-close to 80% by some measures; however, when they do change it is largely a function of experience and previous interactions within institutions (Voorhees & Zhou, 2000) . The question remains, however, how early college experiences begin to influence persistence intentions, and the role of advising in the process. This is particularly important in relation to students who are less prepared or from traditionally underserved minority groups who may encounter multiple barriers to persistence that advising is designed to mitigate (Museus & Quaye, 2009) .
Student Engagement as a Framework to Contextualize Advising
To frame persistence studies, researchers in the two-year college sector, as in higher education research generally, have largely used a trio of interrelated interactionalist frameworks: integration (Tinto, 1975 (Tinto, , 1993 , involvement (Astin, 1984) , and engagement (Kuh, 2001a) , in addition to Bean and Metzer's (1985) influential model of nontraditional student attrition. An important principle underscoring all of these conceptual models, and even more relevant to criticisms regarding some of their culturally-narrow assumptions (Museus & Quaye, 2009; Nora, 2003; Rendón, Jalomo, & Nora, 2000; Stuart, Rios-Aguilar, & Deil-Amen, 2014) , is that persistence is the result of the interaction of individual, institutional, and external factors. As expressed in some publications (e.g., Astin & Antonio, 2012; Lester, Leonard, & Mathias, 2013; Sáenz et al., 2011) , this leads to the conclusion that the various terms of involvement, integration, and engagement are effectively interchangeable. However, a closer look (Wolf-Wendel, Ward, & Kinzie, 2009) The first, is the amount of time and effort students put into their studies and other activities that lead to the experiences and outcomes that constitute student success. The second is the ways an institution allocates its human and other resources and organizes learning opportunities and services to encourage students to participate in and benefit from such activities. (Kuh, Kinzie, Schuh, & Whitt, 2005, p. 9) Thus, engagement is conceptually a joint phenomenon of how students engage with and simultaneously are engaged by the college environment and personnel (McCormick, Kinzie, & Gonyea, 2013) . In this way, the dual nature of an engagement framework fits well with a two-dimensional model of advising, described above, since the prescriptive-developmental continuum of advising activities also distinguishes between endeavors that are individually-or mutually-driven. In this study, we conceptualize advising as among many forms of how students engage with and are engaged by the institution during their first three weeks of college.
The literature on engagement in the two-year sector covers many of the concerns of engagement at the four-year sector. Authors have considered, for instance, the conceptual and historical development of the Community College Survey of Student Engagement (CCSSE) instrument and issues of validity (Angell, 2009; Marti, 2009; McClenney, 2004 McClenney, , 2007 including alternative engagement conceptualizations derived from CCSSE data (Nora, Crisp, & Matthews, 2011; Schuetz, 2008) ; strategies for building an institutional culture of engagement (McClenney & Greene, 2005) and for engaging community college transfer students (Wood & Moore, 2015) ; relative levels of student-faculty interaction for students from different ethnic and racial backgrounds (Chang, 2005) ; the role of student-faculty interaction that affect the success of African American male community college students (Wood & Turner, 2010) ; the paradoxical gap between engagement levels and academic outcomes that many African American and Hispanic community college students experience (Greene, Marti, & McClenney, 2008) ; and the gap between faculty expectations and student perceptions (Dudley, Liu, Hao, & Stallard, 2015) .
Engagement and Persistence
In the higher education literature overall, several studies to date have shown evidence that higher levels of engagement are positively associated with greater persistence, but that evidence does not distinguish types of advising activities among many other kinds of student-institutional interactions. Much of the research comes from the four-year sector. Kuh, Cruce, Shoup, Kinzie, and Gonyea (2008; cf. Kinzie, Gonyea, Shoup, & Kuh, 2008; Nelson Laird, Chen, & Kuh, 2008) used data from NSSE at 18 four-year universities to examine the influence of engagement during the first year of college on GPA and second year persistence. Controlling for background characteristics, financial aid, academic achievement, and other college experiences, the authors found engagement had a positive, significant relationship with both outcomes. Hu (2011) , using survey data gleaned from the Washington State Achievers program, which tracked high school students through their enrollment in colleges and universities throughout the state, found that although a higher level of social engagement was positively associated with persistence, higher levels of academic engagement on its own was in fact negatively related, unless accompanied with a high level of social engagement. Hu attributed this non-linear relationship to qualitative differences in the kinds of engagement profiles of some students who devote a good amount of effort to academics but little else to other college activities. Hu highlighted this finding as an example that more engagement is not necessarily better and cautioned researchers to consider types, not just levels, of engagement.
Studies linking engagement and persistence, in particular, in community colleges are relatively limited, with just a handful of studies that investigate the link empirically. Hawley and Harris (2005) found that psychosocial factors, including engagement-conceptualized as the degree of involvement or integration according to Astin's (1984) and Tinto's (1975) theories-were among the student-level variables that successfully predicted fall-to-fall persistence in a large metropolitan community college. McClenney, Marti, and Adkins (2006; cf. McClenney, 2007) concluded in their validation study of CCSSE that the types of engagement most closely associated with persistence were student effort and support-both academic and social-for learners, the latter including perceptions of institutional support and the use of advising and counseling services. Conversely, Roman, Taylor, and Hahs-Vaughn, (2010) found little evidence for a relationship between engagement and retention rates in Florida community colleges, though institutional-level aggregation of the data may have obscured a correlation. None of these studies distinguished types of advising among many engagement activities.
MethodoLogy

Data Source and Sample
Data used for this study come from the 2010 Survey of Entering Student Engagement (SENSE) administered by CCCSE (2007 CCCSE ( , 2010 . SENSE, similar to CCCSE's flagship Community College Survey of Student Engagement, is designed to capture both student behaviors and institutional practices that affect students but by focusing on the earliest weeks of college that can be critical to setting a foundation for success. It is administered before the end of the third week of the fall academic term. Participants come from classes sampled randomly from among all developmental reading, writing, and math courses (excluding ESL) and from first college-level English and math courses. In 2010, 13 colleges administered an optional special-focus module on intensive academic advising activities. CCCSE provided an 80 percent random sample of student responses from these 13 colleges, from which we selected only those students new to college and not co-enrolled elsewhere (n = 3,956). In order to obtain comparable nested models for our analyses, described below, we restricted the data set to those observations (n = 2,856) with non-missing values for all variables in the full model.
Because the sampling frame is at the class level, and full-time students are more likely to be enrolled in any sampled class, part-time students are underrepresented. To correct for this selection bias, we applied CCCSEprovided sampling weights derived from enrollment data in the Integrated Postsecondary Education Data System (IPEDS). Unless noted, all statistics are weighted using these figures and reported as rounded values.
Variables
The dependent variable came from the survey item asking "When do you plan to take classes at this college again?" to which there were four responses: (1) "I will accomplish my goal(s) this semester/quarter and will not be returning" (5.1%, n = 141); (2) "I have no current plans to return" (1.7%, n = 46); (3) "Within the next 12 months" (72.3%, n = 1983); and (4) "Uncertain" (20.9%, n = 574). Though it may be possible to reduce these response options to a dichotomous or trichotomous coding scheme to simplify analysis, we opted to use all four options in our analytical models to capture important nuances in community college students' intentions. For instance, many students enroll for purposes beyond graduation and transfer, such as to gain practical skills, to test the waters of college, or to earn transferable credit, while others are simply unsure (Bailey, Leinbach, & Jenkins, 2006; Voorhees & Zhou, 2000; Wood & Moore, 2015) .
The independent measures represented three areas informed by the literature and our selected framework: 1) characteristics related to a student's personal background; 2) variables that bridge an individual's circumstances and insertion into the college environment; and 3) theory-specific engagement factors. Descriptive statistics for these variables for our sample are shown in Table 1 .
Student background characteristics. Research on persistence in community college settings, even if limited, has been published for several decades, going back to studies by Bers (1988) , Halpin (1990) , Pascarella, Smart, and Ethington (1986) , Voorhees (1987) , and M. W. Webb (1988 Webb ( , 1989 . Based on these and subsequent articles that established the salience of various student background factors in terms of student persistence and college retention, tempered by data availability and parsimony, we included variables operationalizing students' race/ethnicity (Cabrera, Castañeda, Nora, & Hengstler, 1992; Grimes & Antworth, 1996; Strayhorn, 2012; Wood, 2012) , gender (Grimes & Antworth, 1996; Pascarella & Terenzini, 2005) , age (D'Amico, Morgan, & Rutherford, 2011; Nakajima, Dembo, & Mossler, 2012) , English proficiency (Nakajima et al., 2012) , high school grades (Feldman, 1993; Kuh et al., 2008) , and generation status (i.e., education level of parents; Fike & Fike, 2008) .
Student bridge variables. Students have unique characteristics that arise due to their entry into a college, shaped by their background circumstances and the particular activities and programs offered by the institution. Such bridge factors come about as a result of the person's insertion into the microand meso-system of the institution (Bronfenbrenner, 2005) *SENSE respondents came from sampled courses, resulting in a bias for full-time students who are more likely to be enrolled. Regression analyses were statistically weighted using college PT/FT ratios. **Engagement factor scores were standardized before running regression analyses so that coefficients would represent effect sizes in terms of standard deviation changes.
college coursework. Foremost among bridge variables are academic goals, which have been shown to have close relationships to persistence (Bers & Smith, 1991; Grosset, 1991; Martin, Galentino, & Townsend, 2014; Polinsky, 2003) . National data show the majority of community college students start college with the goal of obtaining some kind of credential, whether a certificate or associate degree (CCCSE, 2012) . For this reason, we coded this as the reference for two dummy-coded variables in order to control for the effect of having less common but equally valuable goals. Other bridge variables we included were whether a student enrolls part-or full-time, enrolls in at least one developmental course, and/or uses financial aid (Berger & Milem, 1999; Cheng, Ickes, & Verhofstadt, 2012; D'Amico et al., 2011; Fike & Fike, 2008; Kuh et al., 2008; McKinney & Novak, 2013) . In terms of college intake procedures, we accounted for when students registered for classes (Hale & Bray, 2011; Smith et al., 2002) and whether a student participated in an orientation program or an extended orientation course or neither (Derby & Smith, 2004; Glass & Garrett, 1995; Kuh, Kinzie, Schuh, & Whitt, 2010) . Student engagement factors. The SENSE instrument operationalizes engagement activities in which students and institutions jointly engage. CCCSE (2010) has proposed six SENSE benchmarks, or scales, of engagement for institutional improvement. However, unlike the NSSE and CCSSE benchmarks (McCormick, Kinzie, & Gonyea, 2013) they are patterned on, there are no available validation studies for SENSE benchmarks, and our addition of relatively fine-grained advising activities calls for a re-examination of the scales for this particular study. Thus, in order to reduce the data for our modeling purposes, we conducted an exploratory factor analysis of the 58 items composing the SENSE benchmarks (CCCSE, 2010) together with the 12 advising special-focus items. We used a principle axis extraction method with a promax rotation to identify latent factors of engagement. We ultimately excluded 16 items from the factor analysis because either (a) an item was peripheral to the joint student-institutional construct of engagement, such as college policy or procedures (e.g., requiring placement testing or requiring enrollment in placed courses); (b) an item was not expected to be intercorrelated with latent factors of engagement in the first place (e.g., "[Using] an electronic tool …to communicate with an instructor about coursework;" see McCormick & McClenney, 2012) ; (c) items formed only problematic doublet factors; or (d) an item simply did not load on any factor and was not interpretable in terms of an emergent factor structure.
The SENSE instrument, like many measures in the social sciences, relies on Likert scales. Despite the widespread use of Pearson product-moment correlations to obtain factor solutions for Likert scale data, statisticians have shown that they are typically inappropriate for this task due to their categorical nature. Pearson correlations assume interval scales and their application to categorical ordinal data results in biased estimates of correlation, suppressed factor loadings, and consequently incorrect numbers and composition of derived factors. Skewed response distributions, typical of Likert response data, compound these problems by resulting in factors unduly influenced by response patterns. Thus, statisticians recommend using a polychoric correlation matrix instead (Holgado-Tello, Chacón-Moscoso, Barbero-García, & Vila-Abad, 2010; Olsson, 1979) . Polychoric correlation estimates, among the earliest of Karl Pearson's innovations, but largely overlooked today, are estimates of the linear correlation of latent variables measured categorically. Many software packages will estimate a polychoric correlation matrix, either in the process of factor analysis, or as a separate step. With the matrix in place, the factor extraction proceeds in a familiar fashion.
The scree plot of eigenvalues and the Kaiser-Guttman cutoff guideline suggested as few as four factors, whereas Velicer's minimum average partial (MAP) test (Costello & Osborne, 2005; O'Connor, 2000) indicated nine or ten factors. We inspected factor solutions throughout this range and settled on eight-factors as the most parsimonious and interpretable solution. We labeled the factors: (1) academic and social support, (2) independent learning, (3) clear academic plan and pathway (the same wording used by CCCSE since the items were the same as the SENSE benchmark), (4) skills training, (5) dialogue and feedback, (6) ancillary instruction, (7) collaboration, and (8) intensive advising. Factor scale reliability and item loadings are shown in Table 2 . Three of these scales had reliability coefficients below what is considered good reliability (α < 0.7). However, because early college engagement is an unexplored research area and Cronbach's alpha is not always a useful metric of unidimensionality (Lance, Butts, & Michels, 2006; Sijtsma, 2009 ), we included these factors as they are conceptually appropriate and well within the range for NSSE and CCSSE engagement scales reported in the literature (Kuh, 2001b; Marti, 2009; Nelson Laird & Kuh, 2005) . For item loadings, we used the traditional cutoff of 0.3 (Tabachnick & Fidell, 2012) , though only four variable loadings were below 0.5. Factor scores were calculated for each respondent and standardized prior to running the analyses to allow for their interpretation as effect sizes (Cohen, J., Cohen, P., West, & Aiken, 2003) .
Analyses
This study employs multinomial logistic regression to examine the relative relationship of new students' persistence intentions in the first three weeks of college in relation to engagement factors-with a particular focus on advising activities. Multinomial logistic regression allows for simultaneous estimation of binary logit models for all possible comparisons among unordered outcomes, and the ability to calculate odds ratios for each (Jones-White, Radcliffe, Huesman Jr, & Kellogg, 2010; Long, 1997; Porter, 2003 the next 12 months," as the reference category and regressed the outcome comparisons ("I will accomplish my goal(s) this semester/quarter and will not be returning," "I have no current plans to return," and "Uncertain") on the independent variables. We used SAS (version 9.4) PROC GLIMMIX to carry out the analyses. We entered the variables in three blocks noted above in order to determine whether additional variables significantly improve model fit and to check for any notable increases or decreases in coefficient values in light of additional control variables. We checked for multicollinearity issues to ensure a parsimonious model at each step and overall. Because logistic regression does not yield r-square statistics, we relied on likelihood ratio tests for each block added.
Limitations
This study, like all research, has its share of limitations that must be considered in interpreting results. Foremost, although the intent to persist has been shown to be predictive of actual persistence, it is not a directly measured outcome, and indeed intentions may well change over time or abruptly. This feature of the study presents another limitation of the study. Though the survey administration provides perspective concerning the critical and understudied early phase of the college experience, the data are nonetheless cross-sectional, thus causal implications rely on theory or inference. This limitation may be acceptable in light of the purpose of the study to understand in greater detail some of the nuanced relationships among early engagement and intentions, and so suggest causal relationships for further study. Additional limitations are that the survey instrument was designed to ascertain engagement and not intentions, and so more detailed information about persistence intentions was not available. The data are self-reported which make them subject to validity concerns (Porter, Rumann, & Pontius, 2011) . However, researchers have demonstrated that there is value in using student perceptions of their own effort vis-à-vis institutional commitment (Pike, 2013) , and this kind of data is especially suitable in this case where we are investigating intentions that only students themselves can provide (Gonyea, 2005) . In terms of representativeness, the data may have limited generalizability since SENSE colleges are self-selected, and colleges that administered the advising special focus module have per se an institutional interest in this activity. Nonetheless, there are a variety of sizes and settings among the 13 colleges, which came from five different accrediting regions; served urban, suburban, and rural communities; and enrolled from 2,206 to 15,547 students (M = 7,084, SD = 4,919).
Given the nested nature of the data and the notion that intake process may vary in important ways across colleges, a multilevel model would be desirable to be able to partition the variance-covariance components into separate within-and between-institution effects (Astin & Denson, 2009; Raudenbush & Bryk, 2002) . We had 13 sites that, though less than the recommendation of some statisticians to have at least 20 level-two clusters (Bickel, 2007) , led us to specifically turn to SAS PROC GLIMMIX for the very reason that it can technically implement multilevel multinomial logistic regression models with random effects. Unfortunately, even the null model with a random intercept did not converge, let alone more complex models, a problem that it turns out is not uncommon for multilevel nominal logistic regression (Wright, 1997) . There are at least two considerations that attenuate this limitation, however. The first is that unless a research design is temporal in nature (which our data set unfortunately does not allow) or the research question involves testing cross-level effects (which is not suggested in this case by the theory or previous literature), multi-level regression ultimately may be unnecessary (Astin & Denson, 2009 ). The second is that even if the models had converged, simulation studies of survey data suggest that estimates of variance-covariance components of multilevel logistic regression may be biased with as few as 100 groups (Moineddin, Matheson, & Glazier, 2007) , which would thus preclude a multilevel analysis of this particular data set.
resuLts
Results of the multinomial logistic models are reported in Table 3 , 4, and 5, representing the addition of each block of independent variables. For the sake of interpretation, the regression coefficients have been converted from their logarithmic scale to odds ratios. Nonetheless, the meaningful interpretation of multinomial logistic regression remains a challenge since there are multiple sets of comparisons of outcome response options for a single model. In this paper, each single model has three sets of comparisons, arranged in columns that can be consulted singly or collectively to determine which independent variables are related to significantly higher or lower odds of a student having responded one way or another regarding persistence intentions.
Odds ratios should not be mistaken for probability or likelihoods. Rather, as the name suggests, odds ratios represent a comparison of two separate values-namely the comparison of odds for a unit increase in a given predictor variable. An odds ratio of 1 means that an outcome is equally likely regardless of the status of a predictor variable (that is, the odds do not change with a unit increase and the same value is in the numerator and the denominator). Odds ratios that are greater or less than 1 reflect an increase or decrease in the odds associated with a change in the predictor variable. So for instance: the data show that part-time enrolled students have higher odds of reporting uncertainty of future enrollment. Dividing the relatively higher odds of uncertainty for part-time students (coded as 1) by the odds for full-time students (coded as 0) yields a ratio larger than 1. In this case (Table 5 , third column) we see that those odds happen to be 1.25 times, or said another way 25 percent, higher. For a primer on interpreting odds ratios in applied research, we refer readers to DesJardins's (2001) excellent non-technical overview in the Association for Institutional Research (AIR) Professional File series. To make sense of the results, we encourage readers to consult Tables 3, 4, and 5 side by side, and compare corresponding columns across the models to track individual outcome comparisons vis-à-vis independent variables.
Overall, the contribution of additional sets of variables significantly improved model fit with the step to Model 2 (Δ-2LL = 96.7, critical Χ 2 value = 51.2, df = 24) and to Model 3 (Δ-2LL = 89.9, critical Χ 2 value = 51.2, df = 24). Model 1 and Model 2 serve to control for important background and bridge variables before considering the engagement variables of interest in Model 3. But some variables were significantly related to persistence intentions in ways that deserve consideration in order to interpret advising and engagement factors.
Student Background Characteristics
In terms of student background characteristics, the most prominent finding in numeric terms-relative to the odds ratios across all independent variables-is the magnitude of the increased odds to have no current plans to return for students that identify as Asian, Asian American, Pacific Islander, or as Black or African American. For both student groups, as seen in the first column for all three models (Tables 3, 4 , and 5), the odds of having stated they will accomplish their goal(s) in the current term and not return are more than three times higher than their White peers, all else being equal. For Black and African American students, the significant and relatively large odds ratios apply across all three outcome comparisons in all three models. In the final model (Table 5) , the odds are 3.29 times higher (p < .001) they would have indicated they will accomplish their goal(s) and not return (first comparison), 2.99 times higher (p < .01) to simply have no plans to return (second comparison) and 1.49 times higher (p < .051) of being uncertain (third comparison). Hispanic and Latino students on the other hand, as seen in the middle column of the final model, have odds 94% lower than their White peers (odds ratio = 0.06, p < .05) to have no current plans to return. Furthermore, their odds of having responded uncertain (third column) or accomplishing their goals in the current term (first column) ended up being not significant in the final model, even though the odds in these two comparisons were significantly higher in Model 1 before adding bridge and engagement variables. Some of these odds ratios may not actually be as high as they seem; the limited instances of responses in some instances lead to large confidence intervals (CIs). Nonetheless, even if on the low end of CIs, these relationships suggest important differences in experiences among different racial and ethnic groups indicative of broader structural issues (Crisp & Nora, 2010; Museus & Quaye, 2009 
Student Bridge Variables
For bridge variables (academic goals, registration timing, part-or full-time enrollment, enrollment in at least one developmental course, whether the student received financial aid, and attended an orientation program or an extended orientation course), the most prominent finding is in terms of what goals new students have upon entering college. As seen in Model 3, the odds of new students to have responded they will accomplish their goal(s) in the current term and not return is 6.52 times higher (p < .001) if they intend to neither seek a credential nor transfer. This reveals that these students likely are at the college to achieve an immediate goal such as transferrable college credit or to gain specific knowledge or skills that may benefit them elsewhere (though the CI for this relatively rare response option is quite large given the infrequency of the response, from 2.46 to 17.33 times higher). For the comparisons in the second and third columns too, the odds of having no plans to return and/or being uncertain are significantly and notably higher for students without a credential goal. Indeed, the addition of engagement variables appears to have a suppression effect (Astin & Antonio, 2012) on the relationship between goals and persistence intentions generally (four of the six odds ratios for these two dummy variables in Model 3 increase relative to Model 2). In other words, the relationship between non-persistence intentions (the three outcome variable comparisons) and the lack of credential goals is stronger than what originally appears without also considering engagement factors. Ultimately, these dynamics in the model serve to underscore the close relationship of persistence intentions and credential aspirations, as well as how that relationship may be moderated when students have other goals not always construed as success measures by colleges and assessment agencies.
In terms of interventions in this block of bridge variables, the relationship of orientation to persistence is noteworthy. As seen in Table 5 , third column, if a student attended an online or on-campus orientation, their odds of reporting being uncertain about returning (compared to planning to return within 12 months) is 26% lower (odds ratio = 0.74, p < .01) all else being equal and 52% lower (odds ratio = 0.48, p < .05) if enrolled in an extended orientation course. This makes sense since orientation is designed to reduce uncertainty and help students accomplish their goals. The odds are even lower (76% lower, odds ratio = 0.24, p < .001; and 90% lower, odds ratio = 0.10, p < .05; respectively) that students participating in these programs would have no current plans to return. Therefore, conversely, they are more likely to plan to return. Whether these effects are outcomes of orientation programs or due to the disposition of students who take advantage of them is not discernable, but the strong relationship is evident.
Lastly, at the risk of reading too much into the lack of evidence (which is not necessarily evidence of lack of effect), there was no detectable effect for being enrolled in developmental coursework nor was there an effect for part-time enrollment, except for 25% higher odds of part-time students being uncertain about returning. Both factors typically figure prominently in student engagement research (Crisp & Nora, 2010; McClenney, 2007) , and so the lack of association here is noteworthy. Either the data and/or model were generally not sensitive enough to these effects, or not enough time had passed for students to be susceptible to the detrimental impact such enrollment status can have on college student trajectories (Bailey et al., 2010) .
Student Engagement Factors
In terms of engagement factors that are the focus of this study, and introduced in Model 3 (Table 5 ) after controlling for background and bridge variables, few were significantly related to plans to persist. The most prominent among those that were significant was that of academic and social support network (which entails such things as instructors explaining policies and resources, students learning the name of peers, and staff taking a personal interest in a student, etc.). This engagement factor was significantly and negatively related to all three non-persistence intentions. Students with one standard deviation higher scores on the factor had 30% lower odds (odds ratio = 0.70, p < .001) to have stated they will accomplish their goal(s) in the current term and not return; 38% lower odds (odds ratio = 0.62, p < .01) to have stated they have no current plans to return; and 15% lower odds (odds ratio = 0.85, p < .01) to have reported being uncertain.
Another noteworthy finding (Table 5 , second column), and in terms of this study's focus on advising activities, was that whereas a one standard deviation increase in essential advising activities comprising the clear academic plan and pathway factor corresponded to a 38% decrease in the odds (odds ratio = 0.62, p < .01) of a student having no current plans to return, a one standard deviation jump in intensive advising activities was related to a 91% increase in those odds (odds ratio = 1.91, p < .01). In other words, differences in types of advising were associated with odds of non-persistence in opposite ways. A clear academic plan and pathway-which constitutes accessibility of advisors, help with selecting a program and courses, creating a plan, and discussing outside commitments-is related to lower odds of non-persistence intentions whereas even more intensive advising activities-aid throughout the enrollment process, review of placement processes, consulting about importance of attainment and total time commitment needed, consulting about career/program fit, and likely career outcomes, among other things-is related to higher odds of non-persistence intentions. Because the study is cross-sectional, causal relationships here cannot be substantiated, but the higher odds of non-persistence intentions for those who receive intensive advising seems counterintuitive as one might suppose, and previous literature might indicate, that more intense advising would be associated with lesser odds of uncertainty or non-persistence intentions.
Only three other engagement factors were significant in our models beyond the support networks and advising functions discussed above. The factor of independent learning was associated with lower odds (0.63, p < .01) of students have no current plans to return, whereas the factors of ancillary instruction (odds ratio = 1.26, p < .05) and collaboration (odds ratio = 1.30, p < .01) were both associated with higher odds of a student accomplishing goal(s) in the current term and not returning.
Our models did not reveal evidence for significant relationships of two engagement factors with non-persistence intentions. Neither skills training nor dialogue and feedback were related to the three outcome response comparisons. Important relationships may be present, just not apparent given the model sensitivity and scope of the data set. These engagement factors may well be related to persistence in other ways (not just persistence intentions) and may also be related to other proximal and distal student success outcomes documented in the engagement literature.
discussion and iMpLications
Results from this study show that advising activities and other engagement factors are related to new community college students' earliest persistence intentions but in limited and nuanced ways. We found three principal ways of understanding this nuance: (1) the relationship between engagement and persistence intentions heavily depends on individual goals, (2) different kinds of advising may have different effects for different students, and (3) the role of academic and social support networks matter in the near term and likely in the long term. We discuss these three findings in turn in relation to the research literature and their implications for practice.
Goals Mediate the Relationship of Engagement and Persistence
Foremost among our conclusions is that goal(s) and degree of certainty are critical for understanding the persistence intentions for new community college students, in agreement with previous research (Bers & Smith, 1991; Polinsky, 2003; Voorhees & Zhou, 2000) . Of all the bridge variables and engagement variables, it was the academic goal variables that had the greatest and most consistently significant odds ratios for all three outcome comparisons. Looking across the three outcome comparisons, the odds ratios suggested varying levels of certainty in intentions related to those goals.
For instance, looking to the third column of Table 5 , uncertainty about returning was the most clearly related to student background characteristics and individual bridge variables involved in the college intake process-nine of these 18 variables were significantly related-whereas only one of eight engagement factor scales was related. This aligns with the view that environmental factors outside the influence of the institution may be most influential in some students' commitment to college (Bean & Metzner, 1985; Braxton & Hirschy, 2005) .
On the other extreme, students reporting they will accomplish their goal(s) and not return can be viewed as a comparatively certain intention, especially when considering the increased odds-over six times higher (95% CI of 2.46 to 17.33)-that this outcome is associated with a student having the goal neither of a credential nor transfer. This outcome is associated with just a few areas of engagement, but the odds actually increase with higher levels of ancillary instruction and collaboration, suggesting that new students with specific short-term intentions are utilitarian about their engagement and thus more readily seek out learning opportunities outside the classroom in pursuit of their goals. This agrees with research on interactionalist theories (Pascarella & Terenzini, 2005; Tinto, 1975) that posit the probable causal relationship for such students is one where goals and intentions lead to higher engagement rather than vice-versa.
In between uncertainty and certainty about not returning, the other response option was that of simply having no plans to return (second column). Arguably, students' lack of plans could be conflated with uncertainty, but on the other hand their lack of plans may also have a temporal component of waiting to decide if one semester is enough, compared to utilitarian enrollees who already know as much just a few weeks in to the academic term. This response option, while being the least commonly selected, was the one most clearly associated with engagement, in that four of eight engagement factors were found to be significantly related-including the only significant relationship for either of the engagement factors related to advising. At the same time, it was significantly related to only one of the two academic goal variables. Additionally, when compared to the other two response option comparisons, the odds that participants would have selected this middle ground response option were very low if they participated in some kind of orientation.
Collectively, these results suggest that engagement efforts by colleges, including advising, at least early on, play a relatively important role in persistence decisions for only a few students who are neither certain nor uncertain about their plans, and for whom academic goals are relatively loosely tied to their persistence intentions. Bailey and Alfonso (2005) recommended that in practice academic advising should be designed to increase goal commitment. Our findings corroborate that recommendation, but suggest that part of this process is gauging students' level of certainty about their goals, in order to distinguish among students who are mostly unsure if they can continue at all and those whose plans are simply unformulated. These findings and implications relate to our next conclusion.
Different Kinds of Advising May Matter at Different Times
Second among our conclusions is two-part: first, the factor analysis we conducted provided evidence in favor of the conceptual duality of prescriptive vs. developmental advising (Alexitch, 2013) , and secondly, their related odds ratios vis-à-vis persistence intentions corroborates the observation that "developmental advising may not be suitable to, or even desired by, all students" (p. 178). Essential advising functions of the clear academic plan and pathway factor were related to lower odds of having no plans to return whereas more advanced or intensive advising activities, aligned with developmental advising activities, had a strong positive association with nonpersistence intentions. Past research has conceptualized advising in terms of its frequency, intensity, and quality being related proportionally to persistence and persistence intentions (Bahr, 2008; Braxton et al., 1988; Metzner, 1989; Metzner & Bean, 1987; Shields, 1994; Swecker et al., 2013) . But our findings cast that supposed unidirectional relationship into question, at least early on in some students' experience at community college.
Future research is needed to further probe the dualistic nature of advising in relation to student intentions and actual persistence. The findings do not reveal whether the contrasting effects are causal or correlational or a mix of both, though theory provides some possible leads. The association of non-persistence intentions with in-depth advising activities could be seen to corroborate the idea of students "cooling out" after becoming overwhelmed with intractable decisions, or even gaining insight into limitations of what the college can offer them and in turn formulating alternate plans (such as pursuing training, higher education, or extracurricular opportunities elsewhere). However, Bahr's (2008) research directly refutes this hypothesis, and is a finding confirmed by Goldrick-Rab's (2010) review of the evidence showing "there is little support for the idea that [community college] students level or reduce their expectations in response to feedback about their academic abilities or planned occupational requirements" (p. 439). The effect may be due to the kinds of students who are targeted for certain advising functions or even a function of doubtful and inquisitive students who seek out consultation beyond essential advising functions-though avoidance behavior of undecided students would suggest otherwise (Gordon, 2007) .
Rather, our findings corroborate research that students may benefit from different kinds of advising at different times (Alexitch, 2013) , thus connecting again to the observation that practitioners and faculty members may do well to pay attention to both goals and certainty. If students are doubtful about their intention to persist, it could be because they do not understand how to navigate the college environment or recognize resources that may help them to achieve their goals. Alternately, it could be that they understand these dynamics as well as anyone, but are simply facing obstacles or competing demands in their life that are difficult to manage. But the distinction takes time to tease out, and by necessity, it may take more intensive developmental advising to uncover or even formulate goal certainty in the first place, presenting a potential conundrum for practical implications. But if we accept the research that shows the critical importance of faculty members as developmental advisors (Astin, 1993; Frost, 1995; McArthur, 2005; Pascarella & Terenzini, 2005) , then it follows that scarce advising resources might best be focused on information-centered activities for new students and that advisors' expertise in developmental activities might best be used over time in partnership with faculty who are invested and prepared for this role.
Academic and Social Support Networks Matter in the Short Term and Long Term
Lastly, we consider the broader picture of advising as one of many forms of engagement. Of all engagement factors, the academic and social support network factor was most consistently related to lower odds for all three kinds of non-persistence intentions. The kinds of activities in this scale asked the level of agreement that: "the instructors at this college want me to succeed," "all instructors clearly explained academic and student support services available at this college," "all instructors clearly explained course grading policies" and "course syllabi," "I knew how to get in touch with my instructors outside of class," "At least one instructor learned my name," "At least one other student whom I didn't previously know learned my name," and "I learned the name of at least one other student in most of my classes." These interactions involve students' instructors and classmates alike, and so speak to the importance of academic and social integration as specified in classic interactionalist theories (Pascarella & Terenzini, 2005; Tinto, 1975) .
This finding is important in light of nuances so far overlooked in the engagement literature. In CCSSE validation studies (McClenney et al., 2006) , there is evidence for two different kinds of relationships at play. McClenney and colleagues' data showed that whereas ultimate college completion is more closely related to active-collaborative learning and student-faculty interaction, the relationship was not as clear for measures of student effort and academic and social support networks. However, these latter forms of engagement did have a fairly clear relationship with persistence or re-enrollment. To be sure, persistence and completion are distinct outcomes and are not directly comparable. But the latter requires the former. Thus, as revealed in this study on early engagement, it would appear that academic and social support may be linked to increased likelihood of persistence intentions in the near term, and, if persistence intentions are born out, indirectly to completion in the long term, as revealed in engagement studies conducted over time.
This notion would therefore underscore Hu's (2011) observation that it is important to think about types or forms of engagement as much as in terms of levels or extent of engagement. Furthermore, our findings speak to the potential importance of yet a third facet of engagement: the timing of interventions designed to foster it. Indeed, evidence from help-seeking research shows that students' perceptions of the academic environment and the degree to which they feel either isolated or validated-especially for underserved minorities and men-are directly related to later help-seeking behaviors (Alexitch, 2002 (Alexitch, , 2013 Gloria, Hird, & Navarro, 2001; Nora & Cabrera, 1996) .
Collectively, the findings that may link these different bodies of literature means in practice that the consequences of establishing students' academic and social support networks should not be underestimated, and therefore such fundamental actions matter as instructors clarifying expectations, explaining support resources, and showing students that they want them to succeed. Additionally, something that all campus members can do-including students, staff, and faculty-is to make early connections by something as simple as learning people's names. These actions therefore are not only indicative of, but actually help create, institutions that "make good on the promise that…larger numbers of [their] students are starting right" (CCCSE, 2007, p. 2) .
